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The Pennsylvania redistricting plan submitted by Speaker Turzai and President Pro Tem Scarnati is an
extreme outlier among redistricting plans, according to detailed analysis and rigorous calculations of partisan
skew detailed in this report.

This was assessed by a series of tests that were set up and validated independently of the Governor’s
counter-proposal. I have studied the Governor’s proposed map using the same tests and have determined
that it behaves squarely in accordance with the traditional districting principles. On the other hand, the
Turzai-Scarnati plan is overwhelmingly likely to have been drawn to increase partisan advantage, since
traditional districting principles alone do not explain its partisan skew. I produced over three billion maps
similar to the Turzai-Scarnati proposal that are at least as compact, preserve at least as many counties,
and keep population deviation to within the 1% threshold, so that a mapmaker can tune them to 1-person
deviation while maintaining county preservation and compactness. The fraction of maps that were more
Republican-skewed in this sample was less than one in 2 million. This means that even with conservative
assumptions, there is less than a 0.1% chance that the Turzai-Scarnati plan was drawn in a non-partisan
way.

1 Introduction

I have been asked to use best practices from mathematics and statistics to assess whether a variety of newly
proposed redistricting plans for Pennsylvania congressional districts are or are not extreme outliers along
partisan lines. I have set up this analysis using a method that itself is symmetrical with respect to the
two parties, by comparing a proposed plan to a large ensemble of alternatives produced by random changes
that only take recognized and traditional districting principles into account. The principles encoded in the
random walk are the ones named in the court order: respect for political boundaries, compactness, and
population parity.

The method employed here is to run Markov chains to understand whether partisan scores of districting
plans exhibit sensitive dependence on unstated priorities used in constructing the plan. Using modifications
to two open-source packages (markovchain and redist [2, 4] ), our runs characterize the Turzai-Scarnati
plan (henceforth TS) as a partisan outlier at a very high level of statistical significance. By contrast, the
Governor’s counter-proposed plan (henceforth GOV) is not an outlier in chains initiated there.

I regard this analysis to be as robust as possible given the available data and the timeframe, and I have
high confidence in the findings. I found that the TS plan is an extreme outlier under the local

√
2ε test from

[1] at a very high level of statistical significance, while GOV showed no significant effects, i.e., there is no
reason to believe that it was drawn to achieve partisan ends.

I will continue to investigate this topic and will extend this analysis with a variety of tests and approaches
in the future. At the Court’s request, I will gladly furnish further details and analysis.

2 Design and justification

2.1 Question to study

The basic question we are attempting to answer is:

Does a newly-proposed plan represent an extreme outlier among available alternatives?
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The approach described here takes seriously the question of available alternatives; we need to control for
the effects of the districting rules and for the underlying “political geography” of the state, i.e., where the
voters live. Both of these factors may cause it to be the case that there is a systematic structural advantage
for one party or the other, so it is only legitimate to compare a plan against alternative plans designed
according to the same rules and with the same political geography.

2.2 Geographical distribution of voters

When assessing partisan skew, you must pick both a plan and a distribution of voters—the locations where
voters live—against which to evaluate it. This is precisely the strength of the algorithmic sampling ap-
proach to studying gerrymandering: the partisan properties of districting plans can only be understood when
compared to other plans that hold constant the geography of where voters are located.

I have studied the TS plan, the currently enacted plan, and the governor’s proposed plan with respect to
many available election returns and am focusing this analysis on two races for which I believe the answers
give most reliable and most easily interpretable results: Senate 2010 (R 51–D 49) and Senate 2016 (R
50.7–D 49.3). These are state-level, statewide races that have two nice features: incumbency effects do not
vary across the state, and we don’t have to use any interpolation techniques to model uncontested races.
(These are both sources of uncertainty when using returns from U.S. Congressional races or State Legislative
races.) It is common practice to prefer state-level election results over presidential races for modeling future
state-level elections, because presidential races often have voter preference patterns that are quite different.1

Senate10 has the advantage of having no incumbent in the race, but Senate16 has the advantage of being more
recent. I’ve also considered SenW, which is defined a weighted average of those two (weighted to equalize
turnout)—I consider this to be the best and most reliable snapshot of the underlying political geography in
Pennsylvania right now.

In other words, we hold constant the distribution of voters—with high concentrations of Democrats in
Philadelphia and Pittsburgh and all the rest of the Pennsylvania political geography—and vary only the
way the state is cut up into districts. This completely controls for voter distribution effects on any partisan
outcomes described in this report.

2.3 Building an ensemble of alternatives

In order to assess the qualities of a proposed plan, we consider its evolution under random transformations.
This procedure is called a Markov chain, which moves between states which represent redistricting plans
built out of fixed units, via transitions that change the district assignment of a single unit at a time. (Here,
the units are voting precincts.2) I used two different kinds of Markov chains in conducting this study: a
simple random walk and a weighted random walk. In simple random walk, the changes are made through
the following process: randomly select a precinct on the boundary between two districts; check whether the
new plan is contiguous and has acceptable levels of adherence to traditional districting principles, and move
there. In weighted random walk, a penalty score is used for every plan to measure its failure to achieve
optimality (perfect compactness, zero splits, and zero population deviation). Now when a random new plan
is proposed by the chain, it is accepted according to a probability distribution: definitely accept the new
plan if it is better, and accept it with a lower probability derived from its penalty score if it is worse.

The precise formulation of the ways to measure traditional districting principles is described below in an
Appendix. We will devote most of the description to the simple random walk implemented in markovchain,
but have also explored the space of plans with the Metropolis-Hastings MCMC implementation in redist.

As the chain runs, an ensemble is built that accumulates all of the plans encountered by the random
walk. This becomes a pool of available alternatives that are comparable to the plan under consideration. I
will present data collected by comparing TS to several ensembles of alternatives, and will do the same for
the current plan and the Governor’s proposed plan.

1Nonetheless I have also considered weighted voter distributions that combine all available election returns, and the results
are noisier but not qualitatively different.

2These are 2011 Census VTDs, straightforwardly “cleaned” by merging zero-population precincts into their neighbors, by
merging precincts when one completely surrounds the other, etc.
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2.4 Evaluating partisan performance against the ensemble

We need to select several indicators of partisan performance, given a vote distribution and a districting plan.
There are many metrics for partisan skew that can be found in the literature on redistricting. Two of the
most popular are the well-established mean-median score and the relatively new efficiency gap. Each of these
measures the amount of advantage enjoyed by one of the political parties. These scores and several others
are defined and discussed in an Appendix.

3 Findings

I will give several levels of analysis on the three plans discussed here (TS, Current, and GOV) against three
voter geographies (Sen10, Sen16, and SenW).

3.1 General analysis

Given the voter geography recently observed in Pennsylvania, a plan that follows traditional districting
principles in a politically neutral way will likely exhibit a tilt toward Republicans relative to the voter
proportions. This analysis aims in part to quantify that effect. The full range of possibilities I encountered
in trillions of trials against recent Senate vote geography was 4 to 10 seats for Democrats, but the 5-seat
outcome is relatively rare and the 4-seat outcome is vanishingly rare.3 Both the currently enacted plan and
the TS plan give 5 seats to Democrats under the Senate 2010 and the averaged Senate distribution and only 4
seats to Democrats under the Senate 2016 distribution. This immediately suggests that problem with
these plans is that they are expressly designed to minimize the Democratic representation.

3.2 Detailed analysis

The TS plan does improve on the currently enacted plan in terms of several traditional districting principles,
especially compactness, but also county and municipality splits. However, it can be seen to be carefully
designed to minimize Democratic representation even within those constraints.

In simple seat share, I have algorithmically generated many billions of plans that are similar to the TS plan
while improving on compactness. We even find the same result while keeping intact all of the same counties
that are not split by the plan. To handle population deviation, we note that maps are typically balanced at
the end of the production process, and plans with population deviation of 1%, while they would never be
enacted into law as-is, are easily balanceable by a mapmaker: any such plan can be “zeroed out” (reduced
to one-person deviation) without any impact at all on county splits or compactness. All algorithmically
generated plans considered in this analysis stay within 1% population deviation, in order to remain easily
balanceable. Therefore, the traditional districting principles do not explain the skew in the number of seats
obtained by each party.

However, the simple number of seats does not totally capture the partisan dynamics of a plan. An
extremely well-established metric that gives a more detailed view of partisan skew is the mean-median
statistic, which essentially describes how much the party that controls the district lines can fall short of half
of the vote while still capturing half of the representation. (Since this analysis is set up to count Democratic
seats, a positive mean-median score indicates a systematic advantage for Republicans that is present in the
districting plan.)

The figures below that show how extreme the TS and the currently enacted plan are in terms of mean-
median and efficiency gap scores. Each depicts 230—over 1 billion—steps in a random walk. By contrast,
the GOV plan is frequently right in the middle of the curve for the plans with its compactness constraints.
In addition, the GOV plan is more slightly compact than TS to begin with.

3Note that this analysis does not directly address the frequency of districts that are competitive enough to have been
winnable by the losing side.
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3.3 Rigorous calculations

If a plan is in the worst 1/n fraction of the plans encountered in a random walk chain, then it has less
than p =

√
2/n probability of being chosen by chance among the other ones that meet the constraints,

according to a recent theorem of Chikina-Frieze-Pegden (see Appendix). In this case, the constraints are
just adherence to traditional districting principles. Therefore, neither the distribution of voters nor the
traditional districting principles can explain the extreme skew.

A billion districting plans, at least as compact as initial plan

1030 steps D seats MM fraction with higher MM than plan p-value
Turzai-Scarnati/Sen10 5 4.7% .00067 .037
Turzai-Scarnati/Sen16 4 4.6% .013 .16
Turzai-Scarnati/SenW 5 4.6% .023 .21

currently enacted/Sen10 5 6.2% .000000006 .00011
currently enacted/Sen16 4 4.3% .015 .17
currently enacted/SenW 5 6.2% .000000021 .0002

GOV/Sen10 6 2.5% .74 1.2
GOV/Sen16 7 3.5% .15 .54
GOV/SenW 7 3% .55 1.0

A billion districting plans, at least as compact as initial plan, with no more
county splits

1030 steps D seats MM fraction with higher MM than plan p-value
Turzai-Scarnati/Sen10 5 4.7% .0000005 .00099
Turzai-Scarnati/Sen16 4 4.6% .00000031 .00078
Turzai-Scarnati/SenW 5 4.6% .0000004 .0009

currently enacted/Sen10 5 6.2% .000000014 .00017
currently enacted/Sen16 4 4.3% .000049 .0099
currently enacted/SenW 5 6.2% .00000049 .00099

GOV/Sen10 6 2.5% .065 .36
GOV/Sen16 7 3.5% .12 .5
GOV/SenW 7 3% .12 .49

Recall that Sen10 and Sen16 are the 2010 and 2016 U.S. Senate races, and SenW is the combination of
the two (weighted to equalize turnout). Note that p ≤ .05 is the usual standard for statistical significance,
though some prefer the tighter standard of p ≤ .01. This means that both Turzai-Scarnati and the currently
enacted plan show highly significant levels of partisan gerrymandering.

By contrast, the GOV plan does not meet even the looser standard for statistical significance, and in fact
when it exhibits any partisan skew, it is not skewed in the Democratic-favoring direction.

We note that p-values are upper bounds for the probability of an event occurring under the null hypothesis
(here, the hypothesis that a districting plan was generated only by traditional districting principles). This
means that when you see a p-value greater than 1, you may conclude not only that there is no statistical
significance, but that there is literally no evidence at all of partisan skew.
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3.4 Images

The plots in this group are histograms from the mean-median scores for the TS, currently enacted, and
GOV plans, respectively. The positive direction is more systematically favorable to Republicans across a
range of vote assumptions. Of these districting plans, only the GOV plan falls within reasonable parameters
among similar maps.
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The plots in this group are efficiency gap. The positive direction is more systematically favorable to
Republicans. This means that all three plans pass up on drawing maps that are otherwise similar, but would
be more favorable to Democrats.

Note that the EG values divided up into individual bell curves that shift as the number of Democratic
seats grows. This is because of the close relationship of EG to seat share (see §7.2). The TS plan is visibly
extreme, both for minimizing the number of Democratic seats and even compared to other plans with the
same number of Democratic seats awarded.

These pictures all have all of the cited districting principles turned ON, and each plot has over a billion
maps in it. Images of this kind for all calculations discussed here are available to the court upon request.
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4 Conclusion

The TS plan is shown to be an extreme outlier in the partisan advantage afforded to the Republican party.
This is true even when it is compared only to plans that closely resemble it which were found by algorithmic
search in which only the stated principles set out by the Court were encoded.

The GOV plan, by contrast, falls squarely within the ensemble of similar plans created using nonpartisan
criteria, and therefore gives no reason at all to believe that it was drawn with Democratic-favoring partisan
intent.
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5 Appendix: Rigorous bounds for statistical significance

We appeal above to the theorem of Chikina-Frieze-Pegden which assesses the likelihood that a given plan
appears to be an extreme outlier by chance rather than by careful design. This can be applied to either
the simple random walk, whose stationary distribution is uniform, or to the Metropolis-Hastings algorithm,
which has the Gibbs distribution (more heavily weighting plans that better conform to traditional districting
principles) as a stationary distribution.

The simple random walk is heavily constrained by traditional districting principles at the level of the
starting map, so in effect the Markov chain is searching a much smaller state space that is a single connected
component of a disconnected space, making it likelier to achieve mixing. The weighted random walk is
preferentially seeking plans that more closely adhere to traditional districting principles. In either case, the
null hypothesis (X0 ∼ π) is that the plan was chosen by the stated principles laid out by the Court. For
such a plan to be an ε-outlier after k steps of the chain could occur with probability at most

√
2ε.

Theorem 1 ([1]) Let M = X0, X1, . . . be a reversible Markov chain with a stationary distribution π on its
state space Ω, and consider a labeling function G : Ω → R. If X0 ∼ π, then for any fixed k, the probability
that G(X0) is an ε-outlier from among the list of values observed in the trajectory X0, X1, X2, . . . , Xk is at
most

√
2ε.

In statistical science, results are often reported with a p-value which indicates the fit of the observed
data with the null hypothesis. A frequent standard for journal publication is to have a p-value below .05,
which has traditionally represented adequate statistical significance to reject the null hypothesis. Note that
ε = .00125 gives p =

√
2ε = .05, so to meet that standard of significance we would need an assessed map to

fall in the worst one-eighth of a percent of the values encountered in a chain.
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6 Appendix: Quantifying traditional districting principles

The Court has asked for a plan that reports on splits of political boundaries; population parity; and compact-
ness. In this appendix I discuss metrics that measure adherence to these traditional districting principles.

6.1 Splitting

6.1.1 How much do the districts split the counties?

Suppose the 67 counties of Pennsylvania are labeled C = {C1, . . . , C67}. Let wj be the population of Cj

divided by the population of the state, and let p
Cj

i be the population of Ci ∩Dj over the population of Cj

(that is, the fraction of county i that is contained in district j). Then we define SqEnt(D|Cj) =
∑
i

√
p
(Cj)
i

and SqEnt(D|C) =
∑
j wj

∑
i

√
p
(Cj)
i .

This is a modification of the classical Shannon entropy which measures how much two different partitions
cut each other into pieces; if for a function f you consider

Entf (D|C) =
∑
j

[
wj
∑
i

p
Cj

i · f
(

1/p
(Cj)
i

)]
,

then Shannon entropy uses f(x) = lnx and ours uses f(x) =
√
x. The reason to use square roots instead

of logs is that we want to substantially penalize small “nibbles” that cut off the corner of a county, whereas
Shannon entropy considers a 99–1 split to be negligibly worse than an intact county.

To illustrate how this works, consider the following choices of how to split county j.

A B C D E F G H
Splitting 97–3 88–12 50–50 96–2–2 50–25–25 33.3–33.3–33.3 25–25–25–25 25–20–1–1–. . . –1

Score 1.16 1.28 1.41 1.26 1.7 1.73 2 6.45

Note that these scores behave well under refinement: if one piece is broken down into two or more parts
while leaving the other pieces alone (such as in moving from C to E to G above) then the score always goes
up.

6.1.2 How much do the counties split the districts?

Typically, districts are much bigger than counties, so we try to keep small and medium-sized counties intact
in a good districting plan. However, in the case of large counties (Philadelphia, Montgomery, Allegheny),
the counties are larger than the ideal district size. In this case, we should try to keep the districts intact
within the counties, to enact respect for political boundaries. The score SqEnt(C|D) looks at each district
in turn and measures how much the districts are cut up by the counties, as opposed to SqEnt(D|C) which
looks at each county and scores how much it is cut up by the districts.

Therefore our overall splitting penalty will be Split(D) = SqEnt(D|C) + SqEnt(C|D).

The definition is precisely the same for municipality splits rather than county splits, replacing C withM.

6.1.3 Example

The images depict two districting plans, where the four squares are districts, the colored regions are counties,
and the numbers are populations.
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In the first plan (with counties in orange), SqEnt(C|D) = 5.67, while the second (with counties in green)
has SqEnt(C|D) = 6.05. That means the first one is a little bit better at keeping districts from being overly
cut up.

On the other hand, the first plan has SqEnt(D|C) = 1.008 while the second has SqEnt(D|C) = 2.065
That means that the first one does a significantly better job of keeping large counties from being chopped
up too badly.

Taken together, our penalties read Split(D) = 6.68 for the first plan and Split(D) = 8.12 for the second,
so a proposed transition from green to orange would automatically be accepted by the algorithm, while a
transition in the other direction would occur less often.

6.1.4 Communities of interest and voting rights

Our algorithmic treatment of the problem can activate a feature that labels identified communities of interest
as geoclusters and treats them like counties within counties. This has the effect that the algorithm can either
enact a light preference for steps that do not create a split within these zones, or can require that they be
kept intact.

For instance, the city of Philadelphia has two long-recognized historical Black neighborhoods, generally
known as West Philadelphia and Southwest Philadelphia, each with several hundred thousand people. We
can designate precincts covering those areas to be geoclusters in our algorithms. By freezing them intact, we
are able to study districts that are built around these cores. I regard this as substantially more flexible and
more responsive to the language of the Voting Rights Act of 1965 than previous algorithmic alternatives,
which either constrain minority percentages at previously observed levels or freeze majority-minority districts
wholesale. Our algorithmic methods are able to consider any of these alternatives, however, and to confirm
that none of these explains the partisan skew of the TS plan.

6.2 Compactness

The most-cited compactness score in the redistricting literature and in expert testimony is the Polsby-
Popper score A/P 2, which compares area to perimeter. This is sometimes normalized as 4πA/P 2 because
the Isoperimetric Theorem guarantees that this quantity varies from 0 to 1 (for all measurable shapes with
rectifiable boundaries).

Our primary constraint on compactness in the algorithmic treatment is derived from what mathematicians
would call an L−1 average Polsby-Popper score: we average the reciprocals of the PP scores of the 18 districts.
The reason to average reciprocals instead of the straight scores is to attach a heavier penalty to plans with
one extremely low score among the districts. (This averaging is the sense in which I assert that the GOV
plan is slightly more compact than the TS plan.)
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The Schwartzberg score is similar. It is commonly defined as the ratio of the perimeter of a district
to the perimeter of a circle with the same area as the district, which works out to 1

2
√
π
· P√

A
. As such, it is

exactly equal to the Polsby-Popper score raised to the − 1
2 power. That means that the way it ranks districts

is completely redundant with the Polsby-Popper score—because exponentiation is order-preserving, they
rank districts exactly the same way. This is sometimes obscured by the fact that Maptitude, the industry-
leading software for redistricting, does not use this formulation to report its Schwartzberg scores. Instead of
perimeter, Maptitude uses a notion of “gross perimeter” that was proposed by Schwartzberg himself in the
1960s, when computers were not yet able to report perimeters reliably.

We have additionally defined a discrete compactness score as follows: Cpct(Di) = Pop/BPop2, where
Pop is the population of the district and BPop is the population of the precincts of the district that are
on the boundary with other districts or on the edge of the state. This is a population-based version of
the classical Polsby-Popper and Schwartzberg scores, which both compare the area A of a district to the
perimeter P of a district via A/P 2, and it is available as a feature in our algorithms.

6.3 Population parity

If Popi is the population of district i and I is the ideal district population (i.e., the population of the state
divided by 18), then there are several reasonable ways to evaluate the deviation from population parity.
For the simple random walk trials I constrained population deviation to 1%, meaning that the only maps
considered were those that satisfied

.99I ≤ Popi ≤ 1.01I ∀i.

When creating a penalty energy, I considered the population deviation score

PopDev(D) =

√(
Pop1 − I
Pop1

)2

+ · · ·+
(
Pop18 − I
Pop18

)2

,

which is just the (L2) distance of the populations from ideal. An L∞ distance, taking into account only the
worst deviation from ideal, is a reasonable alternative.

6.4 Combinations and tuning

For defining an energy to use in a Metropolis-Hastings search, an overall penalty score of a districting plan D
can be defined as a linear combination of a county-splitting penalty, a compactness penalty, and a population
deviation penalty:

α · Split(D) + β · Cpct(D) + γ · PopDev(D),

The weights α, β, γ are arrived at by a tuning protocol: initial runs are made with fixed values for those
parameters, compared against runs with other relative weights, until a steady level with a high acceptance
ratio is found. This is a standard protocol for tuning parameters in MCMC. We used this combined penalty
to explore the space of possible districting plans with the redist package developed by Fifield et al. [3, 4]
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7 Appendix: Quantifying partisan skew

There are many metrics for partisan skew that can be found in the literature on redistricting. Two of the
most popular are the well-established mean-median score and the relatively new efficiency gap. Each of these
measures the amount of advantage enjoyed by one of the political parties.

To compute each of these scores, we fix a districting plan D and a geographic distribution of votes Ω.
(For instance, D = the TS plan, and Ω = the Senate16 vote distribution.) Writing V Di for the Democratic
vote total in district i (and likewise V Ri for Republicans), we then have Vi = V Ei + V Ri for the total major
party vote. Let Xi = V Di /Vi, which is the Democratic percentage of the head-to-head vote.

Then the number of seats awarded to Democrats in plan D and voting pattern Ω is simply #{i : Xi >
1
2}.

7.1 Mean-Median score

This is just the mean of the {Xi} minus the median. The interpretation is this: the mean Democratic vote
share over districts is a proxy for the statewide Democratic vote share. The median is the vote level for
which half of the districts have less and half have more than that. A gap of m means that Republicans could
earn half of the representation with 1

2 −m of the statewide vote share. For instance, a mean-median score
of .05 means that for Republicans to be awarded half of the representatives, they only need 45% of the vote.

This is the main score relied on in this report. It is the longest-standing and most well established of
all the partisan scores. It has many features that make it well-suited to this analysis, such as varying very
continuously. I do not intend to endorse it as the most meaningful of partisan scores, but I have selected it
as a reliable and uncontroversial score with a long pedigree.

7.2 Efficiency gap

The efficiency gap formula relies on a definition of wasted votes. Suppose that party A loses district i. Then
its wasted votes in that district are V Ai , i.e., all votes were wasted. On the other hand, suppose A wins the

district. Then its wasted votes are V Ai −
Vi
2

, the votes cast for that party in excess of what was needed

to win. With these definitions, we calculate WD and WR, the total wasted votes for each party summed

over the districts. Then the efficiency gap is defined as EG =
WD −WR

V
, which measures the wastage for

Democrats minus the wastage for Republicans as a proportion of the total vote in the state.
When this is positive, it means that the map is keyed to waste more Democratic votes. This effect is

more exaggerated as EG grows higher. A rule of thumb that was proposed by the creators of the EG score
is that magnitudes over .08 should be presumptively disallowed.

As is well-documented in the growing literature on efficiency gap, it is closely tied to the number of seats
won by each party. If the voting turnout were equal across districts, then EG would precisely equal 2v−s− 1

2 ,
where v is party A’s statewide vote share (head-to-head) and s is party A’s fraction of the representation.

However, when turnouts are unequal, the effect of EG is similar, but with different weights to different
districts according to their turnout. This is why holding Ω constant it is possible to see different values of
EG with the same proportion s of the representation.

7.3 Duke Gerrymandering Index

Finally, the gerrymandering index of Mattingly et al can be computed as follows: for a given distribution of
voters and a given districting plan D, re-index the

We then adopt the convention that the districts of D are re-indexed so that D1 has the lowest Republican
head-to-head share against Democrats, with the Republican share increasing up to its highest value D18.

That is, V R1 ≤ · · · ≤ V R18. Then let V Ri (ED) be the median value of V Ri over the local ensemble based on
a districting plan D, and let V Ri (D) be the value of the initial districting plan. The Duke index is

G(D) =
√∑(

V Ri (ED)− V Ri (D)
)2
.

The simple random walk used here can also report this score, giving yet another piece of persuasive
evidence that a plan is a gerrymander.
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8 Appendix: Compactness scores

D1 D2 D3 D4 D5 D6 D7 D8 D9

Polsby-Popper .27 .35 .34 .45 .44 .26 .39 .27 .33
Schwartzberg 1.92 1.7 1.7 1.49 1.5 1.95 1.6 1.93 1.75

Schwartzberg∗ 1.85 1.68 1.53 1.41 1.47 1.82 1.56 1.85 1.64
Reock .32 .33 .33 .39 .47 .47 .47 .29 .44

Minimum convex polygon .7 .69 .66 .91 .81 .71 .88 .82 .78
Population polygon .88 .75 .84 .9 .7 .71 .77 .7 .86

D10 D11 D12 D13 D14 D15 D16 D17 D18

Polsby-Popper .35 .31 .16 .37 .31 .19 .28 .35 .38
Schwartzberg 1.68 1.8 2.49 1.64 1.8 2.29 1.88 1.69 1.62

Schwartzberg∗ 1.64 1.68 2.29 1.62 1.67 2.21 1.73 1.54 1.54
Reock .53 .54 .26 .46 .6 .27 .52 .52 .51

Minimum convex polygon .82 .79 .61 .78 .81 .74 .78 .78 .86
Population polygon .54 .76 .34 .81 .84 .77 .71 .93 .63

All compactness scores were computed in Maptitude except for minimum convex polygon, which was
computed in ArcGIS. As noted in §6.2, the built-in Maptitude functionality uses a slightly different definition
of the Schwartzberg score than the one commonly defined in expert reports. We use Schwartzberg∗ to denote
the Maptitude Schwartzberg score.
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9 Appendix: County and municipality splits
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The count of municipality splits is very sensitive to the precise data source used. We identified munici-
palities from the US Census place dataset (TIGER files), including all incorporated cities and boroughs.

With these definitions there are 14 municipality splits, though 5 of them are due to the fact that the
municipalities themselves cross county lines. By contrast, the currently enacted plan splits 20 municipalities
by this definition, with 5 due to municipality/county crosses.

Split municipalities, with districts intersected

Adamstown borough – 6,16
Baldwin borough – 14,18
Bristol borough – 8,13
Carnegie borough – 14,18
Central City borough – 9,12
Clairton city – 14,18
Jefferson Hills borough – 14,18
Philadelphia city – 1,2,13
Plum borough – 12,14
Seven Springs borough 12,18
Shippensburg borough – 4,9
Telford borough – 7,8
Trafford borough – 12,14
Whitehall borough – 14,18
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Split precincts, with districts intersected
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