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Example 1T A Wikipedia Entry

" LUy I viedie dauLuuiit

Article Discussion Read Edit “iew history |=earch Q

WikipEDIA ~ Machine learning

The Free Encyclopedia From Wikipedia, the free encyclopedia
Main page For the journal, see Machine Learning (journal).
Contents

Featured content

Current events

'y This article is missing citations or needs footnotes. Please help add inline citations to guard
\ . 2 3 v s z
: against copyright violations and factual inaccuracies. ¢avgust 2008)

Random article Machine learning, a branch of artificial intelligence, is a scientific discipline concerned with the design and development of algorithms that
Donate to Wikipedia allow computers to evolve behaviors based on empirical data, such as from sensor data or databases. A learner can take advantage of
examples (data) to capture characteristics of interest of their unknown underlying probability distribution. Data can be seen as examples that
illustrate relations between observed variables. A major focus of machine learning research is to automatically learn to recognize complex
patterns and make intelligent decisions based on data; the difficulty lies in the fact that the set of all possible behaviors given all possible
inputs is too large to be covered by the set of observed examples (training data). Hence the learner must generalize from the given examples,
so as to be able to produce a useful output in new cases. Machine learning, like all subjects in artificial intelligence, requires cross-
disciplinary proficiency in several areas, such as probability theory, statistics, pattern recognition, cognitive science, data mining, adaptive
control, computational neuroscience and theoretical computer science.

w Interaction
Help
About Wikipedia
Community portal
Recent changes
ContactWikipedia

b Toolbox
Contents [hide]
P Printlexport

1 Definition
w Languages 2 Generalization
5ol 3 Human interaction
Brenrapcku 4 Algorithm types
Catala 5 Theory
Cesky 6 Approaches
Deutsch 6.1 Decision tree learning

\

Research Labs




Example 21 A Milo Product Review

I l.l %
I o Find in-stock products near you

local Shopping SanJose, CA @

Browse Categories « | Elect Ci A : Tablets

Apple® - iPad® with Wi-Fi + 3G - 64GB

$67900 A g (16) Like 13 likes. Sign Up to see what your friends like.

Availability near Youngstown Price too high? | « Set Price Alert

Best Buy $679.00

View on Store Website

& N sTOCK San Jose

& IN sTOCK San Jose

& IN STOCK Sunnyvale

€9 IN sSTOCK Mountain View

@ OUT OF STOCK San Jose

& 1 more location

16 Reviews 5 star: as
b i 4 star: (1)
3 star: 1 S
Mo il 2 ;‘:: Eﬂ; i & Huy 1, P Alum Rock
[ Most Helpful v st P 'E})&anta Clara , 0y “eprol

- San Jose
Love this device k%o +! Bﬁ @

Great device for accessing the Internet and doing — Burbank Sunol-Midtown

anything Apple related. The ... : Apom
Frundaie @ 4 AL

Awesome! . e T ees
"l was the hero of the trip recently on atrip to Campbell
Chicago(actually writing this ... Vi m- LN &

\

Research Labs




Facts vs. Opinions

AFacts: objective expressions about entities, events and
t hei r at t dbolghténehone yestagdayo i

A Opinions: subjective expressions of sentiments,
attitudes, emotions, appraisals or feelings toward
entiti es, event s a nrdallytioleghisr
new camerao
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Facts vs. Opinions i An Article from NYT

A http://www.nytimes.com/2009/08/24/technology/internet/24emotion.html? _r=2&pagewanted=all
Mining the Web for Feelings, Not Facts

o

] TWITTER

Computers may be good at crunching numbers, but can they crunch feelings? = -

GNINTO E-

MAIL
The rize of blogs and social networks has
B (S A AU FRINT
fueled a bull market in personal opinion: =
reviews, ratir recommendations and @ REPRINTS

other forms of
computer scientists, this fast-growing SHARE
mountain of data is opening a tantalizing

online expression. For

window onto the collective consciousness of
Internet users.

NOW PLAYING

An emerging field known as sentiment
analvsis is taking shape arcund one of the

computer world's unexplored frontiers: translating the vagaries of
human emotion into hard data.

This is more than just an interesting pregramming exercise. For
many businesses, online opinion has turned into a kind of virtual
currency that can make or break a preduct in the marketplace.

Yet manv companies struggle to make sense of the caterwaul of
complaints and compliments that now swirl arcund their products
online. As sentiment analyvsis tools begin to take shape, thev could
not only help businesses improve their bottom lines, but alse
eventually transform the experience of searching for information
online.

~ Tz Several new sentiment analvsis companies are trving to tap inte the
growing business interest in what iz being said online.

“Social media used to be this cute project for 25-vear-old
consultants,” said Margaret Francis, vice president for preduct at
Scout Labs in San Francisco. Now, she said, top executives “are
recognizing it as an incredibly rich vein of market intelligence.”
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http://www.nytimes.com/2009/08/24/technology/internet/24emotion.html?_r=2&pagewanted=all

Some Exceptions!

ANot all subjective sentences contain opinions, e.g.
I A want a phone with good voice qualityo

ANot all objective sentences contain no opinions, e.g.
I Arhe earphone broke in just two days!o

]
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History of Sentiment Analysis

AlIndividuals relied on a circle of

I Family SurveyMonkey”
I Frlends Home 3 Customers Plans & Pricing

e Creating a Survey : )
| Colleagues We did the work so you don't have to.

Overall, how would you rate this employee?

_ Exceeds expe

How satisfied are you with the

AOrganizations used

e i DR E A
I I O I I S FUNEHREDE S / Meets expect: Ext b Dissaich How likely are you to recommend
v fremely DIsSatist— 5ur service to a friend?
J/ Meets expect:

Skip Logic _ Exceeds expe

J Very Satisfied
Get Responses ~/ Does not mee ~ Extremely Likely

e t
Somewhat Satisfied .
I S u rveys Include comments g .~ Very Likely

Analyze Results ) Slightly Satisfied ) Somewhat Likely
) NotatAl Saisfied ) Slightly Likely

.I. FOCUS groups See Use Cases ) Notat All Likely

A Sentiment analysis is growing rapidly

]
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AWWW has faC|I|tated user- generated content
I e-commerce sites “ e — _—
I Forums
I Discussion groups == e
i Blogs s (m——
i Twitter, etc. —

1738

AAdvances in NLP and text-processing
A Distributed computing: e.g. Hadoop, Cloud

AOur focus: automatically mining opinions, challenging but useful

\
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Opinions and Market Research

Market Research 3.0 Is Here: Attitudes Meet
Algorithms in Sentiment Analysis

KEVIN EANDALL Fri Sep 15, 2009

http://www.fastcompany.com
/blog/kevin-
randall/integrated-
branding/market-research-
30-here-attitudes-meet-

This is the marketer's and researcher's dream.

Feconciling the natural tensions that challenge and befuddle brand planning:

# Feclings f Facts

® Sentiments & Statistios

e (ualitative & Quantitative alqoritth'Sentiment'

* Pocus Broups & Surveys a?partner=rss is from a

e Subjective & Objective R

s Why & What market-r esear cher 0s
e Art & Science perspectlve

I'll admit, when I first heard about Google, Facebool, and

Mielsen studying, deceding and menitering language and

chatter on the Web and 'listening to conversations," the —
consumer part of me got a little bit of the creeps (Big

Brother idaa]. /

{On the other hand, the market rezsearcher part of me was

excited about all of the possibilitias. Market research has
been stale for a while. Everyone knows about the
limitations of the traditional focus group and survey. Do
group respondents even tell the truth in an artificial setting where they are served finger
sandwiches and paid $100? How can the group think be weeded out to get a real picture of
the rarket? Are the richt people answering online surveys? Are panelists professiconal

survey respondents or representative custorners?

\
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The explosion of social media channels has the potential to revolutionize market research.
Mew social media-based studies can be conducted more cheaply and efficiently, in real-time
and may more accurately capture individual and group opinions. Companies are already
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Practical Applications T Business &

Organizations

ABrand analysis

AMarketing

A Customer voice: e.g. products, tourism
A Event monitoring, e.g. site outage

ACommercial examples
I Radian6
I Lexalytics

]
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http://www.radian6.com/
http://www.lexalytics.com/

Practical Applications T Individuals

A Shopping research, e.g. product reviews

T http://wwwl.epinions.com/prices/Canon PowerShot SD1300 IS IXUS 105 Digital Camera

DO E Som s
=Y p'lenSCOm Join Epinions | Learn More! | Sign In

PUTERS

A 5OF TWARE | TRAVEL | MORE

cARs | BOOKS | MOVIES | MusIC | ELECTRONICS | QIFTS

Searchfor | ‘ ;Egjtal Cameras X: [ Search]
Home > Bectronics > Digital Cameras > Canon PowerShot Powershot SD1300 IS / Digital IXUS 105 Digital Camera
- - What's in Video
Canon PowerShot Powershot SD1300 IS / Digital IXUS 105 Digital Camera | L
Ever Want to Star
Overall Rating: # % % in the Movies?

23 consumer reviews
Now you can with Yoostar2 Star in
hundreds of famous movie scenes from
top Hollywood studios featuring your
favorite actors

Subscribe to reviews on this product 7
IStall 2
qu > S

BUYNOW

Lowest Price: $111.31
at BuyDig.com JEEERy

’ Compare Prices Read Reviews (23) ‘ew Details Write 3 Review
Sort by
1-19 of 19 stores Base Price
Canon Powershot $d1300 Is Dlgltal Elph 121 Megapixe...
Earn 2% eBay Bucks on qualifyi... 4129.99

(T
i @ Canon PowerShot SD1300 1S Digital ELPH Dnmal camera - compact - 12.1 hpix - optical zoom: 4 x - supported memory: MWC, S0, SDXC, SOHC, MCplus -

Sports Authority

$233.99
for still images anymore. The Canon; 12.1 megapixel PowerShot; S01300 15 Digital ELPH; camera can record high-definition video in crisp,... Mo

e

Canon $D1300 Digital Camera- Pink 12MP, 4%, 2.7", 28ram Wide
30-Day Money-back Guarantee! (In stock

=
@ 12MP, 43 Smm Yide 2-11

CRUTCHFIELD $179.93
Featiei ST » FREE SHIPPING!

creen.opﬂcal image stabilization wide-angle capability ideal for sweeping landscapes Mo at
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http://www1.epinions.com/prices/Canon_PowerShot_SD1300_IS_IXUS_105_Digital_Camera

Practical Applications T Individuals (cont.)

A Seeking out opinions on topics such as finance

i http://community.nytimes.com/comments/bucks.blogs.nytimes.com/2011/03/10/where-all-the-mortgage-documents-
go/?scp=2&sqg=refinance%20a%?20loan&st=cse

Where All the Mortgage Documents Go

Chase now scans all mortgage-related documents that come in viafax

mail

Back toBlog Post »

13 Readers' Comments Post a Commant »

were

long before there were any PCs. scanners or lazer
printers. But now we see the myth of banks being
meticulous bookkeepers. at least the for megabanks in
hocking tolearn that

their mortgage department
Chasejust started scanning mortgage documents in
200g. All banks should havebeen scanning and
routinely backing up all mortgage documents long
be
around for ten yearsor

avebeen

re the financial crisiz hit Cheap scanne

re. Now, it turns out that

more, 2
many banks canteven keep straight which mortgages

vn. which ones arecurrentand which are

ghestorder,

\
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Practical Applications T Advertising

APlacing ads in user-generated content

I http://www.zurich-hotels-booker.com/why-get-a-canon-powershot-a1200-98757.html

Why Get a Canon Powershot A1200

There are certalnly several reasons why people who love thlng and
admin traveling choose Canon Powershot A1200 as a-must-bring camera
Gadgets

Firstly, equipped with an optical viewfinder, this little thing can find itself

1won powershot a1200

the fantastic angles for taken so that this camera can be used by even

someone who never touch camera before. Secondly, this camera is

affordable. And thirdly, this camera looks fantastic!

Canon Powershot A1200 is a perfect camera to bring while you are
taking a journey and enjoying the beauty of surrounding nature. With its
small but great shape, you can easily bring it inside your bag and find it
whenever a beauty scene attracts you. You can gain more information
about this digital camera including its specification by viewing a Canon
Powershot A1200 review that you can find from many sources over
the internet. With Canon Powershot A1200, you will never miss to catch

any beautiful scene whenever you are going hiking

£ Share/Save @ E = *
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Practical Applications T Opinion Search

AProviding general search for opinions, not facts

ATons of social media applications

Blogs Microblogs Bookmarks Comments Events Images News Video Audio Q&A Networks All

| TED socialmention”™ JapanNuclear crisis B —;?;éiﬁ earch
I TWECAN

37% 1:1 Mentions about Japan Nuclear crisis

.Il SOCiaI M e nti O n S el Sort By 3,9?,‘,9, ‘: Results [5”,!‘,{’3?? 717; Results 1 - 15 of 698 mentions
21% 39% ¥ RT @reuters: France and U.S. to help Japan in nuclear crisis
Bl il http lIreut. rs/hPquO

T TweetSentiments

16 seconds avg. per mention

er.( ca statuses/5284
45 ago - by i @canaXD on twitter

¥ RT @Reuters France and U.S. to help Japan in nuclear crisis
http://reut. rs’hPquO

last mention 45 seconds ago

407 unique authors

62 retweets E.‘!‘.-:f com/TroubledDays/statuses/52845430731094016

47 s nd ago - by traur‘l»ddq /S on tunﬂ‘lﬂuwn

Sentiment o2

- @ Farmers' Livelihoods Wither in Japan's Nuclear Crisis - New York
positive n - Times: http:/bit. Iv e9wNvd
neutral I 567 = = 4£480836730880
negative o 56 -151 sec OM age db_, _duk‘eqt on tleH»—ugm
Top Keywords @ RT @Reuters: France and U.S. to help Japan in nuclear crisis
nusian I 075 http:// reut rs’hF’quO
japan — 738 twitte h/statuses/5284544870836224
plant =} 232 57 seconds q| - by sugi on tumf‘lﬁug)
fukushima | | 204
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http://recovery.doi.gov/press/us-geological-survey-twitter-earthquake-detector-ted/
http://twecan.com/
http://socialmention.com/
http://twittersentiment.appspot.com/
http://socialmention.com/

Opinion Search T One More Example

Sign in | Help
Type in a word and we'll highlight the good and the bad
\google |_Search | save this search
Sentiment analysis for google
Sentiment by Percent Sentiment by Count
‘ Negative (34%)
Positive (66%)—— 200000400000
Zoom:1d 5d 1m 3m &m 1y Max ® Positive 3.42 k ® Hegative 1.45 k | April 02, 2011
sk
6 k
K
., /2, y
| | 1 1 I | 1 1 I 1
ul 10 Oct 10 Jan 11 Apr
R B R e i o 1 b [ T e
I
>

Show Hourly ChertShow Peroent

Tweets about: google

[Lusssts | Format: darmm Yyyy. You can slso sdjust th The results for this quel’y are: Accurate H Inaccurate &

Choose s dste range: | to| |

— — \
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The Problem

AA review example: (1) | bought an iPhone a few days ago. (2) It
was such a nice phone. (3) The touch screen was really cool. (4)
The voice quality was clear too. (5) Although the battery life was not
long, that is ok for me. (6) However, my mother was mad with me as

| did not tell her before | bought it. (7) She also thought the phone
was too expensive, and wanted me to return it to the shop. . ..

AFacts vs. opinions

AOpinions have targets (objects and their attributes) on
which opinions are expressed

]

\
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Definitions

A Object: an entity that can be a product, service, individual,
organization, event, or topic, e.g. iPhone

A Attribute: an object usually has two types of attributes
I Components, e.g. battery, keypad/touch screen
I Properties, e.g. size, weight, color, voice quality

A Explicit and implicit attributes

IFExplicit attributes: t hostebsigypear
life of this phone is too shorto

I mplicit attributes: thosetisot ap
phoneistoolarge0 ( on @&ite) ri but e

A Opinion holder: the person or organization that expresses the opinion
A Opinion orientation (polarity): positive, negative, or neutral

A Opinion strength: level/scale/intensity of opinion indicating how
strong it is, e.g. contented A happy A joyous A ecstatic

]
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Key Elements of an Opinion

AOpinion: a person or organization that expresses a positive or
negative sentiment on a particular attribute of an object at a certain
time

AQuintuple: <object, attribute, orientation, opinion holder,
time>

I Some information may be implied due to pronouns, context, or
language conventions

I Some information available from document attributes
I In practice, not all five elements are needed

]

\
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Direct vs. Comparative Opinions

ADirect opinion: sentiment expressions on one or more attributes
of an object, e.g. products, services, events

I Alrhe voice quality of this phone is fantastico
I fAfter taking this medicine, my left knee feels worseo

AComparative opinion: relations expressing similarities or
differences between two or more objects based on some of the
shared attributes of the objects, e.g.

I Alrhe voice quality of camera x is better than that of camera yo

AThere are some difficult cases which are not covered,
e . grhe viaw finder and the lens of the camera are too
close to each othero

]
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Explicit vs. Implicit Opinions

ASentence subjectivity: an objective sentence expresses some

factual information about the world, while a subjective sentence
expresses some personal feelings or beliefs

AExplicit opinion: an opinion on an attribute explicitly expressed in
a subjective sentence, e.qg.

I Alhe voice quality of this phone is amazingo
I Arhis camera is too heavyo

Almplicit opinion: an opinion on an attribute implied in an objective
sentence, e.g.

I Alhe headset broke in two dayso
i fPlease bring back the old searcho

]

\
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Sentiment Identification & Classification
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a & w0 b F

Conclusions

]
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A Product Review Example

AAn epinions.com product review for Canon PowerShot
SD1300 IS / Digital IXUS 105 Digital Camera

AMy Canon Powgeaalsph actt utreeksds ¢ My f
gotten one about a year ago and she loves it. So, after seeing her
enthusiasm about it | decided to get one and | will never go back

to any other camera. | absolutely love this camera. | believe that
every person on Earth should own one of these. & dmtazing!s

... There is not one thing | hate about this product, which is
strange because || am a very pic

AWhat do we see in this example?

]
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http://www.epinions.com/review/Canon_PowerShot_SD1300_IS_IXUS_105_Digital_Camera/content_540228619908
http://www.epinions.com/review/Canon_PowerShot_SD1300_IS_IXUS_105_Digital_Camera/content_540228619908

Sentiment Analysis Tasks

A Goal: identify and classify opinions

ATask 1. Sentiment identification (Subjectivity

identification): identify whether a piece of text expresses
opinions

ATask 2. Sentiment orientation classification: determine
the orientation of an opinionated text

]
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Sentiment Analysis Levels

ADocument-level: identify if the document (e.g. product
reviews, blogs, forum posts) expresses opinions and
whether the opinions are positive, negative, or neutral

ASentence-level: identify if a sentence is opinionated and
whether the opinion is positive, negative, or neutral

A Attribute-level: extract the object attributes (e.g. image

guality, zoom size) that are the subject of an opinion and
the opinion orientations

A As the object becomes more granular, the
Intensity/difficulty increases

]
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Document-level Sentiment Analysis

ATasks: identify if the document expresses opinions and if
yes classify the document into positive, negative, or
neutral based on the overall sentiments expressed by
opinion holders

A Assumptions:

I the document is opinionated on a single object
I the opinions are from a single opinion holder

A Similar to but different from topic-based text
classification
I In topic-based text classification, topic words are important

I In sentiment classification, opinion words are more important,
e.g. wonderful, fabulous, terrible

]
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Opinion Words

A Also known as polarity words, sentiment words, opinion
lexicon, or opinion-bearing words, e.g.
I Positive: wonderful, elegant, amazing
I Negative: horrible, disgusting, poor

ABase type (examples above) and comparative type (e.g.
better, worse)

AHow to generate them: more on this later

]
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A Simple Method T Counting Opinion Words

A Opinion/polarity words: dominating indicators of
sentiments, especially adjectives, adverbs, and verbs,

e. g. nl lavbthiochmetaeltlisyamazing! o .
APreedef i ned opinion words: go
this later)

A Assign orientation score (+1, -1) to all words
I Positive opinion words (+1): great, amazing, love
I Negative opinion words (-1): horrible, hate
I Strength value [0, 1] can be used too

AThe orientation score of the document is the sum of
orientation scores of all opinion words found

I The previous review has an orientation score of 417 1 =3

]
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Rule-based Method

Als simply counting opinion words good enough? No!
I'nNThemaAonethinglhateabout t hiAWpngoduct

AWe need t o hamdEeatadengliastilico n :
I Simple rules can be manually created
A n o tnegétivedA positive
AR nev enegatiéedA positive
I The previous review has a scoreof4+1 =5

I Note: negation needs to be hand
only é Dbut alsoo does not <chang

]
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Terminology

APattern/rule: a sequence of tokens

AToken: an abstraction of a word, represented using

lemma of a word, polarity tag, or Part Of Speech (POS)
mril, cancpioez) tag. Two special tokens:

I TOPIC: an attribute, e.g. size, weight

I GAP_digit_digit: how many words can be skipping between two
tokens to allow more tolerant matching, e.g. GAP_1 2

APolarity tag: positive, negative, neutral, NOT (negation)

APOS tag: NN (noun), VB (verb), JJ (adjective), RB
(adverb), | N (preposition)

]
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Basic Opinion Rules i Label Sequential

Pattern (LSP) Matching

A Subiject {like | adore | want | work} TOPIC A positive, e.g.
i fl like the old camerao

A Subiject {is | are} {great | fantastic | simple | easy} A positive, e.g.
i fArhis camera is fantastico

A TOPIC GAP_0_3 NOT work A negative, e.g.

T Arhe new search still does not worko

A Please do NOT VB A negative, e.g.
T fPlease do not roll out this new search!o

A NOT GAP_0_3 {want | think | believe | need | get} A negative, e.g.
I A do not want large size pictures in the Gallery windowo

A {get | bring | give | put | change} GAP_0 3 TOPIC GAP_0 3 back A
positive
i fPlease put the old search and browse back!o

]
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Limitation of Rule-based System

AAn expensive task:

I Only a limited number of opinion words can be found
I Only a limited number of patterns can be created

ACan we automate the task with limited manual work?
e.g. find opinion words and their orientations
automatically

]
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Automatically Finding Opinion Words (rumey, acLzo0

A Data: reviews from epinions.com on automobiles, banks,
movies and travel destinations

A Step 1. perform part of speech (POS) tagging and extract
phrases containing adjectives and adverbs based on
manually specified patterns

Table 1. Patterns of POS tags for extracting two-word phrases

First word Second word Third word
(Not Extracted)
1. 1 NN or NNS anything
2. RB. RBR. or RBS JJ not NN nor NNS
3. JJ JJ not NN nor NNS
4. NN or NNS JI not NN nor NNS
5. RB.RBR.orRBS VB.VBD. VBN.or VBG anything

I e.g. extract two consecutive words if the first word is adjective, the
second is a noun and the third (which is not extracted) is anything:
Athis camera produces Dbeauti f ul P
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Pointwise Mutual Information (PMI)

A Step 2. estimate the orientation of each extracted phrase
using the PMI measure

I PMI is the amount of information that we acquire about the
presence of one of the words when we observe the other

Pr(term, A term,)
Pr(term, ) Pr(term, ) ;

PMI(term, ,term, ) = log,

-

I The opinion orientation (OO) of a phrase is computed based on
Il ts association with the positi
association with the negative r

oo(phrase) = PMI(phrase, “excellent”) — PMI(phrase, “poor”).

]
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PMI (cont.)

A Estimate probabilities with number of hits of search query

I For each search gquery, search engine returns the number of
relevant documents to the query, which is the number of hits

ATurney used AltaVista which had a NEAR operator,
which constrains the search to documents that contain
the words within 10 words of one another, in either order

oo(phrase) = log,

 hits(phrase NEAR "excellent")hits("poor") |
hits(phrase NEAR "poor")hits("excellent") |

AExamples:
I Afowfeeso, NnNJJ NNSo, 0. 333
I funethical practiceso, nJ J-848NS 0 ,
I Aowfundso, A J J6.8NSO,

]
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Sentiment Orientation Classification

A Step 3. Compute the average semantic orientation of all
phrases in the review

I Classify as positive (recommended) or negative (not
recommended) based on the sign of the average

I Final classification accuracy:
A Automobiles i 84%
A Banks i 80%
A Movies i 66%

A Travel destinations i 71%

Note: Recent variations use more than two words to determine the
orientation

]
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Polarity Words Generation

AManual: effective but expensive

ADictionary-based: use a seed list and grow the list, e.g.
I SentiwordNet

ACorpus-based: rely on syntactic or co-occurrence
patternS |n Iarge teXt COFpOI’a [Hazivassiloglou & McKeown, ACL1997; Turney,

ACL2002; Yu & Hazivassiloglou, EMNLP2003, Kanayama & Nasukawa, EMNLP2006; Ding & Liu, SIGIR2007]
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http://sentiwordnet.isti.cnr.it/

ANEW: Affective Norms for English Words

http://csea.phhp.ufl.edu/media/anewmessage.html is specific to English
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